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Abstract—In this paper, a GPU-based matrix multiplication is implemented according to parallel matrix
multiplication algorithm DNS, two types of dynamic protein interaction networks are constructed for mining protein
complexes and functional modules respectively, the main idea of GPU matrix multiplication-based Markov Clustering
is utilized to design two methods MCL-IPC-STDPINs and SBBMCL-IFM-TDPINC respectively, and two designed
methods are analyzed in terms of time and space complexity and parallelism.
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