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Abstract—The integration of natural language processing and SQL query language into database experimental
teaching is a new teaching method. By integrating the two techniques, students can use natural language to describe
query requirements and convert them into SQL statements, improving their intuitive understanding and application
ability of database queries. The application of interactive experimental environments, real-time feedback, and practical
cases in database experimental teaching makes experimental teaching more intuitive and easier to understand. This
teaching method can stimulate interest of students, cultivate comprehensive abilities across application fields, and
promote the innovative development of database experimental teaching.
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