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Abstract—To solve the problem of task offloading in rural areas under the cost constraints of operators, it is necessary
to design a suitable task offloading model and introduce different task offloading processing strategies to achieve effective
task offloading optimization. This paper summarizes and reviews the current research status of task offloading strategies
based on mobile edge computing(MEC) limited service resources from three aspects: joint offloading strategies under
computational resource constraints, task offloading strategies based on MEC limited service resources, and algorithm
optimization task offloading strategies in MEC. The existing problems are analyzed, and future research ideas are

proposed.
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