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Abstract—With the rapid development of autonomous driving technology, vehicle-road collaborative task offloading
computing has become one of the key technologies to improve the safety and efficiency of autonomous driving. This paper
conducts an in-depth study on the task offloading computing of autonomous vehicles, and summarizes and reviews the
current research status of task offloading strategies from the vehicle-to-infrastructure, vehicle-to-vehicle, vehicle-to-
everything. The some problems existed in technology research are analyzed, and future research ideas are presented.
This paper can provide technical references and research ideas for task offloading strategy in autonomous driving
vehicle-road collaboration and the development of intelligent transportation systems.
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