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Abstract—In highly dynamic and heterogeneous network environments, traditional congestion control algorithms
gradually show limitations in terms of dynamic adaptability and multi-objective optimization capabilities. The congestion
control method based on deep reinforcement learning provides a new solution for improving throughput, reducing
latency, and enhancing fairness by dynamically adjusting policies and optimizing resource allocation.This paper
elaborates on the current development status of traditional congestion control algorithms, the research progress of
congestion control based on reinforcement learning, and analyzes the role of fairness optimization in congestion control.
It also provides some research ideas for future research on congestion control methods based on deep reinforcement

learning.
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